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Introduction
EEG signals are susceptible to signal loss, 
discontinuities and contamination [5].  Cleaning 
raw EEG signals requires in-depth knowledge of 
EEG and usually offline processing. Sufficient 
experience in programming and machine learning 
techniques are required to develop, train, and 
evaluate the classification models.  As an 
alternative, we describe an automated visual EEG 
signal processing pipeline for mental health 
assessments implemented using NeuroPype.

Methodology
❖ NeuroPype Academic & Pipeline Designer [3]
❖ Three playback to import prerecorded raw 

EEG data captured in a separate study [4]
❖ Eight prepackaged nodes to remove low 

frequency baseline drift, frequency 
interference, channels missing location data, 
channels containing abnormal data or noise, 
high variance signals, and muscle movements

❖ Custom NeuroPype nodes written in python 
code for continuous wavelength 
transformation and to obtain the power 
spectral density

Discussion
❖ Pros and cons were observed during the 

development of the pipeline
❖ Easy-to-use drag-and-drop interface of 

the NeuroPype Pipeline Designer 
❖ New nodes are typically added with 

each release, providing varying 
capabilities

❖ There can be challenges in producing 
the desired output. 

❖ Certain nodes require specific inputs 
(e.g., head model template)

❖ Python programming required for 
custom nodes

❖ Preliminary evaluation is promising
❖ Alternative to Matlab’s open-source 

toolbox, EEGLAB [2] 
❖ Further work on pipeline and 

evaluation is needed

Future Work
❖ Refine the preprocessing pipeline
❖ Add feature classification capabilities
❖ Provide better output visualization
❖ Live EEG data (via Cogniconics Quick30 Dry 

EEG Headset [1]) 
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